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Transforming libraries with machine learning and Al

Reduce librarian workloads Create paths for discovery & scholarship
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The AWS Al/ ML stack

THE BROADEST AND MOST COMPLETE SET OF MACHINE LEARNING CAPABILITIES
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Business processes SEARCH CONVERSATION CODE AND DEVOPTS  INDUSTRIAL HEALTH
Amazon Personalize Amazon Kendra Amazon Lex Amazon CodeGuru Amazon Monitron Amazon HealthLake
Specialized Amazon Forecast Amazon Transcribe Call Analytics Amazon CodeWhisperer Amazon Lookout for Equipment Amazon Comprehend Medical
Amazon Fraud Detector Contact Lens Amazon DevOps Guru Amazon Lookout for Vision Amazon Transcribe Medical
Artificial Amazon Lookout for Metrics Voice ID Amazon Omics
intelligence (Al) L
services
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(") Flexibility

Cost-effective infrastructure
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Choice of industry-leading models

—_?o from AI21 Labs, Anthropic, Cohere,
Arie Mistral AL, Meta, Stability Al and
Amazon

Amazon Bedrock | |
The ecasiest way to build and scale Customize your models using your

generative Al applications with own library data
foundation models

Enterprise-grade security and
privacy
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None of the library’s data is
used to train the underlying
models

All data 1 ted i
Amazon Bedrock data is encrypted in

@ transit and at rest and
Keeps your data secure /\  remains in the library’s
and private

virtual private cloud.

Support for GDPR, SOC,
el ISO, CSA compliance and
HIPAA eligibility
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Customizing model responses for your needs
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Fine tuning

PURPOSE DATA NEED
Maximizing accuracy Small number
for specific tasks of labeled examples
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Continued pre-traini

PURPOSE DATA NEED
Maintaining model Large number
accuracy foryour domain of unlabeled datasets



Knowledge bases for Amazon Bedrock

NATIVE SUPPORT FOR RETRIEVAL-AUGMENTED GENERATION (RAG)

Built-in session
context management
for multi-turn
conversations

Fully managed RAG
workflow including
ingestion, retrieval,
and augmentation

Securely connect
models to data sources
to deliver more
relevant responses
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Automatic citations
with retrievals to
improve transparency

ANSWER

S

Amazon—Titan Text

Anthropic—Claude

Meta—Llama2



Key library use cases for generative Al
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“Ask your Topic Resource Multi-
collection” identification description & disciplinary &

conversational & metadata content multi-modal
interfaces generation summary content

matching
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Pillars for the responsible use of Al

Value alignment

Systems should be designed and used in
ways that align with company mission,
social norms, and legal compliance

Inclusion

Privacy & security

5,
Inclusion of unique skills, experiences, foYe} Protects the quality and integrity of data
perspectives, and cultural backgrounds C s > used, its relevance, access, and processing

Training & education
Appropriate knowledge sharing and

education to understand purpose, use,
and impact

Accountability
Structured maintaining human involvement
and responsibility for design, development,
decision processes, and outcomes
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Fairness

\ l \ Systems must be designed to minimize

bias and promote inclusive
representation

Transparency & explainability
Understanding how data is used, and
how decisions and outcomes are made
in a human understandable way
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Thank you!

Greg Ritter
gritter@amazon.com
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